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Base Analysis: An Industrial Purchase Process Appli-

The Application of Sochastic Models in the Estimation of Future
Economic Value of Retail Customers

WANG Gad', L | Chur-ging?, ZHAO Ping' , TONGL u-qiong*
(1. School of Economics and Management , Tsinghua University , Beijing 100084 , China;
2. School of Economics and Management , Xian University of Technology , Xian 710032, China)

Abstract : The economic value of retail customersis determined together by purchase frequency and mone-
tary value. Thisarticle employsthe NBD model to fit purchase frequency and the gamma gamma model to
fit the average monetary value. Based on the Bayes theorem we can calculate the expected f uture purchase
frequency and average monetary valuein a given customers fast purchase behavior , and the customer sfu-
ture economic value is the multiplication of these two expected values. This article applied the above sto-
chastic models to fit empirically the frequent shopper card data of a retailer. The results show that the
model s not only can accurately fit the data of purchase frequency and monetary value, but also can accu-
rately predict customers future economic value The modeling method is of great value to retailersin en-
hancing customer analysis and i mproving customer management.

Key words: future customer economic value; NBD model ; gamma gamma model



