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Multifractal Volatility Measure of Chinds Sock Market and Its Validity

WANG Peng, WANG Jian - giong
(School of Economics & Management , Southwest Jiaotong University , Chengdu 610031, China)

Abstract : According to the multifractal theory, a new multifractal volatility measure of financial market ,
S ,ispresentedin thispaper. Incomparison with conventional volatility measure/0 , S uses more statis
tical information about market volatility characteristicsincluded in multifractal analyss. Empirical research
on Chinas stock market shows that S provides more accurate measure to market volatility and is closer to
real volatility than/0 after appropriate scale adjustment.

Key words: multifractal volatility; real volatility; SPA test



