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Online support vector machine and genetic algorithm based predictive control
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Abstract: Aiming at the problems that the predictive model is often mismatching and is difficult to solve the
nonlinear optimization function of nonlinear system model predictive control, an online support vector machine
(OSVM) modeling and genetic algorithm (GA) rolling optimization based model predictive control method is
proposed. This proposed method builds a nonlinear model for objects using OSVM, which is an iterative support
vector regression learning algorithm and can be used for online training, hence the predictive model parameters
could be adjusted online through online learning. Furthermore, the nonlinear optimization function is solved by
GA optimization,and rolling optimization is realized in the system. The nonlinear case simulation results show
that the system adaptability is improved by the proposed method.
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