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Research of Chinese Stock Index Futures Regression Prediction

Based on Support Vector Machines

SAI Ying', ZHANG Feng-ting' , ZHANG Tao’
(1. School of Management Science and Engineering, Shandong University of
Finance and Economics, Jinan 250014, China;

2. School of Accounting, Shandong University of Finance and Economics, Jinan 250014, China)

Abstract: According to the characteristics of the stock index futures prediction, the indicators that have
great influence on the development trend of stock index futures are selected and the support vector ma-
chines are firstly used to the regression prediction of stock index futures. Besides, genetic algorithm (GA)
and particle swarm optimization algorithm (PSO) are employed to optimize the support vector machine
(SVM) with four different kernel functions and eight different programs are attained. By comparing the
accuracy and the time complexity of all the programs, the empirical study shows that the linear kernel
function SVM optimized by PSO is the best model for regression prediction of Chinese stock index futures.
Key words: Chinese stock index futures; support vector machine (SVM) ; genetic algorithm (GA) ; particle

swarm optimization algorithm (PSO); regression prediction



