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No. [ Rank | Hashtag [ Frequency [ No. Authors | Most contributed author / Contribution
1 66 #nsfw 70,610 2,185 @porngus / 38,614 (54.7%)
2 90 #Fnieuws 57,273 249 @nieuwslogr /29,936 (52.3%)
3 141 #sport 37,627 2,198 @sportlogr /20,700 (55.0%)
4 162 #nl 33,892 286 @sportlogr / 20,700 (61.1%)
5 195 #property 30,116 905 @pflive_announce / 25,292 (84.0%)
6 343 #reddit 18,835 586 @redditspammor / 16,974 (90.1%)
7 | 379 Zadult 17,510 631 Qtubebutler /8,906 (50.9%)
8 | 304 Zrulez 17,092 116 @redditspammor / 16,974 (99.3%)
9 431 | #praytweets 15,828 251 @praytweets / 15,466 (97.7%)
10 468 #indonesia 14,817 2,519 @beritaindonesia / 10,811 (73.0%)

k

Ent(hashtag) = — Z C_T: - log (%)
i=1
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Pz) = Pr(X>z\/X <2u-—2) (1)

s fl et R AT BEPE

_ |{tweets starting with h}| Pword = 1 — N/L

Ppos = |{tweets containing h}|

T MP(hashtag) = pword - Ppos

« 22 5 7 100 BORE

Ent(hashtag) = — Z E_T: log (%)
i=1
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1 B K AL #abbeydawn, #bringldtonyc
2 BME WE RE - o
S g T EEH
3 BE BIK BAK  #property, #belieber
4  BE OBE BAL  #praytweets
i e g # layi 15K Tweets3 H) |
s Bl A AR O T U Tiedss 5D L
#iaintafraidtosay, #foramilliondollars  7£Z& 1%l
6 Hm BE K& #nowplaying (IEE Teets6 H)
.. #tb, #followfriday, #f, .
7 > Ky » lp: Z Sl 15.
i Bk S #teamfollowback, #musicmonday fedi i
8 Hm BAK & #her, #sopa, #halamadrid (sl
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Figure 5: Contour of hashtag distributions. Tweets6: 1—#hcr, 2—#nowplaying, 3—#property, 4—#praytweets,
5—#abbeydawn, 6—#fb, T-#musicmonday, 8—#followfriday, 9—#iaintafraidtosay. Tweets3: A—#sopa, B—
#nowplaying, C—#halamadrid, D—#belieber, E-#bringldtonyc, F-#fb, G—#teamfollowback, H-#1{f
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Table 4: Experiment Results of Hashtag Categories

d

Dataset Tweetsé Tweets3
Algonthm Populanty Pattern Subspace Populanty Pattern Subspace
Accuracy 17.8% 40.0% 31.5% 38.0%

Breaking events®| 0.250 0.231 0.240 | 0.333 0.205 0.254] 0.192 0.192 0.192 | 0.167 0.154 0.160
Twitter memes™| 0.000  0.000 0.000 | 0.681 0.585 0.635| 1.000 0.060 0.113 | 0.725 0.248 0.369
Advertisements” — 0.258 0.370 0.304 — 0.053 0.385 0.093

Miscellanecus® | 0.162 0.926 0.276) 0.125 0.145 0.136 | 0.240 0.808 0.379 | 0220 0205 0.212

* In each category, precision, recall and F-measure are hsted in order.
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" "yes we did ! RT @JetLife24 7 Me and @tinyy tee had some
good times last summer :)

good, ...

@JASMINEVILLEGAS Pretty <3, How are you ? . | wanna see you
in the #MyWorldTour on S.America:) . Love you

love, ...

That’s A Good Boyfriend(: RT @CallMeYoshi : | Rather Stay In
With My Girlfriend All Night Than Go Out To Party | Love Her To
Much <3

good, love,

| can’t wait for high-school (: gonna be back with my friends <3
on top of that my girls @_BRILove and @ THATSLEX are gonna
be there too:)
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.012691948697959463 0.9873080513020405
.013437745305673402 0.9865622546943267
.014545824806600556 0.9854541751933994
.01564899521774038 0.9843510047822597
.01608817375357065 0.9839118262464294
.01650516746975549 0.9834948325302445

O O O O O O

0.017090877215725463 0.9829091227842746

0.017282849390511952 0.982717150609488

md 0.017691741985087217 0.9823082580149127

nnd 0.01

8820096859947587 0.9811799031400524

T 0.019448049484870226 0.9805519505151298

mlgb

0.019589906407834888 0.9804100935921631
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Table 6. Comparative evaluations of algorithms in English tweets

. Accu-
Algorithm cen
racy

Positive (166) Negative (62) Neutral (111) Fy

Ff/P/R Fr/P/R Fi /P /R

1. SWN, 8 = 0.5 51.3%
2. twitrratr 49.3%

3. twittersentiment 59.0%
SentiLezicon 57.8%

0.591 / 59.9% / 58.4% 0.429 / 38.5% / 48.4% 0.448 / 47.5% / 42.3% 0.489
0.557 / 87.2% / 41.0% 0.276 / 27.9% / 27.4% 0.527 / 41.0% / 73.9% 0.454

0.648 / 78.0% / 55.4% 0.540 / 70.0% / 45.0% 0.548 / 44.0% / 72.1% 0.582 |

0.642 / 65.2% / 63.3% 0.149 / 100.0% / 8.1% 0.606 / 49.7% / 77.5% 0.466

Table 7. Comparative evaluations of algorithms in non-English tweets

Accu-

Algorithm
racy

Positive (283) Negative (149) Neutral (442)
Fi/P/R Fi{/P/R Fi/P/R

Fy

1. SWN, # = 0.5 -
Q. twitrratr 52.2%
3. twittersentiment 51.0%

0.311 / 72.7% / 19.8% 0.130 / 20.9% / 9.4% 0.659 / 52.9% / 87.3% 0.366
0.218 / 44.1% / 14.5% 0.129 /52.4% / 7.4% 0.656 / 51.8% / 89.1% 0.334

Sentilericon 5T7.4%

0.500 / 51.3% / 48.8% 0.123 / 76.9% / 6.7% 0.685 / 59.8% / 80.1% 0.436
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Fig. 2. Comparison of different datasizes for building lexicons
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Its weightis light, quality isgood, battery is durable. But Its flavor of plasticis heavy!

FW: Feature Words |Ow;_ : Opinion WOrds,I |.S=_ sentiment polarity .|@ ©
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Button Layout | Reasonable
Button Layout | Concise

Camera lens | Geili (pretty good)
Button Touch Feel | Comfortable
Dark Details | Lack of

Color in Daylight | Dim

Zoom Lever | Stiff

Material | Abrasion Resistant
Telephoto lens | Extreme
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