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Abstract: Based on the current situation of and demand for Chinese sentiment analysis, the method of automatically ob-

taining subjective lexicon from the target corpus was studied. A creation method of subjective lexicon was presented, the 

subjective lexicon and language model were defined, a self-adaptive subjectivity bootstrapping algorithm and the charac-

teristic model of subjectivity attribute were designed, and all these lead to the realization of the automatic judgment of 

sentiment polarity, subjectivity intensity and the subjectivity and objectivity of a word in the subjectivity entry. Experi-

ments prove that by using machine learning the proposed method of automatic creation of Chinese subjective lexicon is 

highly efficient and with excellent performance. 
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�	 1  Entry := Word POS Polarity Intensity 

Context 

Word := {F&}}POS := {F�}}Polarity := 

{positive, negative, other}} Intensity: = {strong, 

weak}}Context: = {SEPs}� 

Word SÍÎ�
FÏ�� ÇÈ}POS SÍÎ

�
FÏ�F�}Polarity SÍÎ�
FÏ�ÐÑ�}

Intensity SÍÎ�
FÏ��
Ò }Context SÍ
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2.2  PTBLD
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WXÙ#¹º�ÆDF�ÚÛkÜÝF&&�¹º

WX

[10]
&�&ÌÚÛ�ËÌ PTBLDEPOS, tagged 

bigram lexical dependencyK�#AB&'ngÞ� 

�	 2  PTBLD := Relation (GovernWord 

GovernPOS GovernPosition DepWord DepPOS Dep-

Position) 

Relation #F&&�¹ºWX�SÍ3ß_à

á�w}GovernWord #âãF}GovernPOS #â

ãF�F�}GovernPosition #âãF�¶·
�

£ä}DepWord#¹ºF}DepPOS#¹ºF�F

�}DepPosition#¹ºF�¶·
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ÆD PTBLD�Ç��ËÌ���åægm� 

�	 3  ���åægm 

SEP: = GovHook GovPOS Relation DepPOS 

DepHook 

GovHook := {govword, *, null} 

GovPOS := {��FF�, *} 

Relation := {¹ºWX} 

DepPOS := {¹ºFF�, *} 

DepHook := {depword, *, null} 
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�Cdk, m, n, FIMOD� 

2
�k #��Â���øy SEP 
���	 K �

SEP}m#��óôSEP�
�ö}n#Bootstrapping
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©�#{GOV, DEP, BOTH}� 

�<���d 

1) SEPs = {øy����åægm}} 

2) ValidSEPs = {} #y� SEP} 

3) CandidateWords = {} #óô���FÏ} 

4) lexicon = {seed words} ##���_·FG


���øyFÏ� 
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1) 5 SEPsÀwm(1)L±����Â�P�

��} 

2) åæ	 k� SEP�# ValidSEPs} 

3) Àw ValidSEPs¹D FIMOD�Ë�åæ£

ä�åæ�­�øyFÏ�# CandidateWords} 

4) Àwm(2)5 CandidateWords L±����

Â�P�L±��} 

5) � CandidateWords 
�	 n �]��

lexicon ���������#��FÏ�þP

lexicon
�x��yåæ����FÏ�����
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ÐÑ:ÚÛÇÈgÞ�øy�6¼5�
ÐÑ��

�6���EAccuracyK� F©EF-measureKFY

ZG�Ç�3 SVMEAccuracy: 95.47%, F-measure: 

93.90% K� KNN(Accuracy: 94.98%, F-measure: 

93.75% K � Decision Tree E Accuracy:92.62%, 

F-measure:92.62%K��Z)H�Peter Turney5I

ªF�ÐÑ��

[11]
���� 78%J92%���

Kanayama |å��M_�KLn½l�­,/M

�#W�ÐÑ�FG

[5]
�2���TP 94%� �


�sSè�G� SVM���TP 95.47%�F©

TP 93.90%��sy�Z�å�� 
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1�SC� ��Ò :ÚÛÇÈgÞÔøy�6

¼5���Ò ��6���FYZG�Accuracy

� F ©F�> 90%�Ç�3 KNN(95.37%)�SVM 

(93.75%)� Decision Tree( 93.51%)��YZ)H� 
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�ÇÈô3N����ÇÈ	¯�L±»¼

n½�,/��?���6¼�Sè�G KNN �

F-measure# 81.52%�accuracy# 81.27%�OP�

]3Ç�)H�Valentin Jijkoun |Àw�{&

WordNet &ÌFG[8]
�F&��?����Q��

�]P 55%�Banea C|�fRSTU&����

FG

[7]F ©�> 70%�� �
��Â&'nÃ 

4w:ÚÛL±ÇÈfg­L±F&�����

���y4wèy�FGV%�l��WX�YG�

KNN� F-measure# 81.52%�accuracy# 81.27%�

Decision Tree�6¼l� accuracy�TP� 77.59�
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