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SVM Method Research on Humid and Hot Aging for Carbon Fiber
Composite Material in Military Equipment
JIANG Gang, GONG Wei
(School of Manufacturing Science and Engineering, Southwest University of Science and

Technology, Mianyang, Sichuan, 621010, China. )

Abstract: Weapon performance will be influenced by composite material aging under the condition of long
term storage. Carbon fiber composite conducting-core heterofilament of a kind of missile was adopted as re-

search target, and Support Vector Machine (SVM) was used to analyze humid and hot aging data. Experi-
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ment results show that this kind of method can be used for weapon performance and age estimation.
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