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Network traffic classification using decision 
tree based on minimum partition distance 
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Abstract: Before data communications, every application protocol need to handshake at application layer and transmit 

some parameters. This process is quite different according to the protocols, such as the packet direction, payload size and 

the information entropy of each packet payload. So according to these features, decision tree algorithm based on mini-

mum partition distance was used to train the classifier. The results of the offline experiments on real network traces and 

the online classification experiments in campus network indicate that, analyzing the first four or six packets of each flow 

is enough to classify eight common used application protocols with high overall accuracy and low cost. Contrast to other 

machine learning algorithms, decision tree can achieve better accuracy on different traces and low classification time. So 

it is very suitable for real-time traffic classification. 
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LBNLE UNIBSE WIDEE SUDA LBNLE UNIBSE WIDEE SUDA LBNLE UNIBSE WIDEE SUDA 

2 6.99E 6.69E 24.62 7.05 1.65 1.56 5.74 1.21 9.6F104 9.2F104 9.4F104 9.9F104 

4 8.49E 6.76E 36.83 8.57 1.96 1.60 8.33 1.64 6.7F104 6.0F104 6.5F104 7.3F104 

6 19.25E 14.19E 66.66 24.58 3.15 2.22 10.46 2.19 5.1F104 4.7F104 5.2F104 5.5F104 

8 34.44E 21.85E 129.81 40.78 4.07 2.69 15.83 3.48 3.5F104 3.4F104 3.4F104 3.5F104 

10 54.09E 37.35E 245.95 72.48 5.28 3.61 23.52 4.97 2.2F104 2.1F104 2.3F104 2.4F104 
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LBNLE UNIBSE WIDEE SUDA LBNLE UNIBSE WIDEE SUDA LBNLE UNIBSE WIDEE SUDA 

DBDT 19.26 13.48 67.42 24.58 1.50 0.90 10.46 2.19 5.1F104 4.7F104 5.2F104 5.5F104 

C4.5 21.45 16.25 77.47 30.44 2.07 1.45 13.16 3.63 3.7F104 2.9F104 4.1F104 3.3F104 

k-NN 284.22 198.37 683.74 384.86 103.28 87.30 573.20 231.84 735 484 942 519 

SVM 488.47 277.34 1063.27 553.39 47.47 25.32 289.36 67.96 1.599F103 1.668F103 1.867F103 1.770F103 

NBK 10.35 7.22 67.43 14.86 5.37 3.28 35.27 9.52 1.4F104 1.3F104 1.5F104 1.3F104 
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