$38%E F2H it B Ol I &' 20124 1 B
Vol.38 No.2 Computer Engineering January 2012
s ATHEERIRAIBIA « YEHS: 1000—3428(2012)02—0166—03 SCERFRIRAD: A hESHES: TP301.6

B W, FHEE, R W
(IR N SRR 2ARE, Kb 410082)
W B RE—MRALHRRENAESETRERE. N RERETEEL, YR RS RG TR, AR AR )
JERRE, K AR B I bR, R RZARN R R TR S, JFalBBCE RS, DA Sh A i k. 9l
ZURRW, SR EARIF N S A
REEH: FMARL; LARRME; A, BIEHE

Load Balance Schedule Algorithm
for Heterogeneous Distributed System
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[ Abstract] The classic Genetic Algorithm(GA) limits the evolution because the next generation cannot inherit the most adaptable chromosome. To
improve the algorithm, this paper proposes a dynamic genetic algorithm. It creates a model for the heterogeneous system, and formulates criterion
for measuring load balance according to the model, then uses the formulated criterion in scheduling jobs on the heterogeneous system. The algorithm

allows configuring the maximum evolution generation dynamically. Experimental results show that the improved algorithm has better load balance

performance.
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