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Abstract: A concept of association degree is proposed and further a self-organizing fuzzy CMAC neural net-
work and its learning algorithm are presented based on CMAC. And it is proved that the approximations pro-
vided by the SOFCMAC can be made arbitrarily accurate. The proposed network capable of local generaliza-

tion is characterized by fast learning, accurate approximation, etc. In this paper, the network is used in fight-

er identification and satisfactory result is obtained-
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Fig. 1 Characteristic outputs of the fighter and

SOFCMAC, and mean square error of ap-

proximation
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