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Abstract : This paper presents a CPU-GPU heterogeneous parallel programming model based on the distributed
programming technology of cloud computing, Map/Reduce. This paper also gives its principle and implementation
process. It improves the efficiency of large-scale data processing with the multi-thread parallel mechanism, CUDA. We
contrastively analyze two typical distributed storage systems, GFS and HDFS. We eventually present the three-layer
architecture and basic type of virtualization technology.
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Fig.1 Data communications between CPU and GPU Fig.2  GPU heterogeneous hardware parallel computing
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Table 3 A virtual type of cloud computing
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