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[ Abstract] In the dense database, mining maximal frequent itemsets takes too much time, and the results are too large to satisfy the users. This
paper proposes a maximal frequent itemsets mining algorithm, called VCM. It filters the database with the constraints, uses the vertical data
representation of data sets and adopts depth-first strategy for mining maximum frequent itemsets. Compared with other algorithms, experimental

results show that the VCM algorithm is faster and more effective, and the advantage is remarkable when the databases are dense and with long

patterns.
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frizdn, REHELSARFEMHEIF, SMEN MF dr. (6) FI_Temp = FI;
3.0 HARESNR Filter @) Item next + = 1;}

¥ D BRI BIESE, BRE DA D PR A AR KM ®) else TID_C = FI_temp N Item_next;
WA F 5 A AT D R ITE R ARAM B KF 5 ¢, ©) if( TID_C > min_count){
I Do, WAL IR D' DRI D i () Join TID_C nto TID.Set
N . (11) join FI into MFC;
UTER: (12) FI_temp = FI;
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VS SR AR 08, i /N RO, T EL AR DR IE 2 41 45 SR B 1E (19) TID_Set =0}
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scan the database D once

(2)  while(teD){

3) if (t satisfied Bi)

4 write t to D';}
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scan the database VDi' once
for each frequent_1 itemset ie Di'{
write i to VDi';
write the corresponding TID to VDi';}
(5)  count the TID Len;
(6)  Ascending sequence the VDi’;
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(1) TID Set={D };

(2)  for each Item in Itemset{
3) FI_Temp = Item_next = Item;
4 FI =FI_Temp x Item_next;

) if (FI € MFC ){
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Itemset TID tid_len
h 3710 3
a 1279 4
b 12379 5
f 234910 5
e 12347810 7
d 123478910 8
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Step4 ¢ MF1 5254454, B MF={chbed, cabed,
cbfed}.
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