8% H4H wE N T ® 201242 A
Vol.38 No.4 Computer Engineering February 2012
o SR A S HEREE - XEHRS: 1000—3428(2012)04—0067—03  SCARFRIAEE: A PESHES: TP3ILI3

— PG B D BER A TR LA

VS, B, £ B’
(1. P T RAEABE, Va% 7101295 2. FEdb T RAHHEMLAERE, % 710072)
B OB SRR I IS, PR — i B D B A A FE (B-ISMOTE) o 7830 5/ H I e 85 il 4R S5 M
n YERRARZE A AT REALARE, DAL 2B BRI, NSRRI ARSSETR B . FEICRRBAR BT 9%, SR, 5 SMOTE &
1 B-SMOTE $LikM bk, B-ISMOTE 3% RAARM I 43 Je bk
R WABERE; 42 WAk BB 0 EERIEZE

Improved Over-sampling Algorithm of Minority Class Sample

XU Dan-dan', CAI Li-jun', WANG Yong’
(1.School of Science, Northwestern Polytechnical University, Xi’an 710129, China;
2. School of Computer, Northwestern Polytechnical University, Xi’an 710072, China)

[ Abstract] Aiming at the classification of the skewed dataset, this paper proposes an improved over-sampling algorithm of minority class sample,
named B-ISMOTE. It improves the data unbalanced distribution of degree through randomized interpolation to produce virtual minority class

instances in the sphere space, which constitute of the borderline minority class instances and its nearest neighbor. Experimental results on the real

datasets show that compared with SMOTE algorithm and B-SMOTE algorithm, B-ISMOTE algorithm has better classification performance.
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) h * + 4 9: KewNeares= NearestExample(Xnew, S, 1);
SN, . 10: i Yoerneares=1.0, Xoew € Pereats
- T 4 4 + 11: end if;
- B - X 12: end for;
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2: Di=NearestExample(X;, S, k);
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3: if (numP < numQ), X;€D;

4: end for;

5: for each X;€D, do

6: D! = NearestExample(X;, P, k);
D? = NearestExample(X;, Q, k);

7: X1 ey =RandomSampling( D );

X3 ey =RandomSampling( DY );
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13: if (numPyreq < (numP-numQ)),
until numP e = (numP-numQ);

14: S"=PUQUPqrear;

15: return S";
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