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Application of Markov Logic Network in Transfer Learning

XIONG Zhong-yang, SHU Fang-jun, ZHANG Yu-fang, KONG Run
(College of Computer Science, Chongqing University, Chongqing 400044, China)

[ Abstract] In order to take advantages of expired training data and correlation data structures to achieve the aim of learning new areas, this paper
proposes a transfer learning approach based on Markov Logic Network(MLN). It autonomously maps the predicates on the source and target, and
optimizes the mapping structure by self-diagnosis, structure update and new formula mining. Experimental results show that compared with

traditional method, the probabilistic reasoning to the target domain MLN structure to gain higher accuracy of the results with less learning time and

training data.
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For each unmapped target predicate tarPred do
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End for
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Return predsMapping
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