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Fig. 2 The flow chart of algorithm
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Fig. 3 Two different expressions of gray image face signal
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Fig.4 The PCNN time sequence diagram of Fig.3
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Tab. 2 The recognition rate for different n

n FEAL FEARER /% WA 1 PO % WAL 2 PR/ %
3 60 100 87.24 100
4 80 100 89.08 100
5 100 100 92.47 100
6 120 100 96.32 100
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Fig.5 The recognition rate curve
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Face recognition based on pulse coupled neural network

ZHAO Guang-lan, ZHOU Dong-ming, ZHAO Dong-feng, NIE Ren-can

( Department of Communication Engineering, Information College, Yunnan University , Kunming 650091 , China)

Abstract : In pulse coupled neural network ( PCNN ) , the methods of average time series icon and average
Euchi dean distance is applied to recognize face. It is based on the time series icon of neurons pulse oscilation.
The simulation results show that this recognitiong methods is effective. And it has a good recognition effect for dif-
ferent face and complex expressions of face.

Key words: pulse coupled neural network ;face recognition ;time series icon;euclidean distance
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Analysis of the function p(x) — detection random multi — access protocol

for wireless sensor networks

NIU Qin, ZHAO Dong-feng, HE Min

( Department of Communication Engineering, Yunnan University , Kunming 650091 , China)

Abstract: A new random multi — access protocol for wireless sensor networks ( WSNs) was presented. This
protocol used the function p(x) — detection control strategy in the packet transmit 1 + a and added acknowledge
character( ACK) to the system,it can improve the transmission efficiency of WSNs. Compared the theoretical a-
nalysis method of average period with the selection of different p(x) function value simulation experiments, they
were consistent. The results showed that the protocol enabled the WSNs’ channel resources effectively and im-
proved the system’s transmission quality.

Key words : wireless sensor networks ; probability function detection ;random multiple access;load equilibri-
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