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Application of Prediction Model Based on
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Abstract: On the basis of support vector machine algorithm and the result of principal component regression of
the linear prediction and radial basis function neural network of the non-linear prediction, a new forecasting
model was proposed by which one can effectively improve the prediction accuracy and solve the problem of
single prediction. Application of the new prediction model to the prediction of finance data showed that
compared with the traditional principal component regression and radial basis neural network method, the new
model has better effect and practical significance in prediction.
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Table 1 Contribution rate of principal component

FERA FRAFAE TTRREE/ % EHTTIRE/ %
1 4.326 33.065 33.065
2 3.529 22.089 55.154
3 2.368 15. 698 70.843
4 1.925 10. 354 81.097
5 1.026 8.268 89. 465
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Table 2 Mean square errors produced by different methods
T Jr ik F ks A Fa 1) B 22 ) 2% PCR-RBF-SVM Fiiill 4 74
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