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A model combining weighted total variation and wavelet for
Image-inpainting

Wang Yan, Guo Dinghui
(School of Mathematics and Systems Science, Beijing University of Aeronautics and
Astronautics,Beijing 100191)
Abstract: A partial differential equation model which combines weighted total variation approach and
wavelet approach to solve the image inpainting problem is given. This method combines advantages of
total variation and wavelet transform. Moreover, using the method of weighted total variation makes it
more adaptive. The experiment shows that the effect of inpainting is better which preserves the texture
and reduces the Gibbs phenomenon.
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Fig. 1 Inpainting region
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Fig. 2 Inpainting results of noisy image
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Tab.1 Comparison of two inpainting methods
e R B
AMEY MBI
MSE 106.1724 50.6488
PSNR 27.8707 31.085
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