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An Application of Transition Probability Density Calculated
by Monte-Carlo Method

WU Zhen-xiang' , MIAO Bai-qi* , XIAO Jing-hong®

(1. Chinese Academy of Sciences,Beijing 100080, China)
(2. Dept. of statistics & Finace \University of Science and Technology of China « He fei 230026 ,China)

Abstract: Based on the diffusion equation, the transition probability density of stock prices
is calculated by means of the Monte-Carlo method. Then, the confidence interval of future
stoch prices based on a certain probability is obtained,and as an application, some risk ana-
lyses were conducted. The empirical analysis on Shanghai Stock-Market Index shows that
the method is capable of correctly predicting stock price movements.
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