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Web-page topical feature extraction for Web-page classification

LIU Jian'?, SUN Peng’, NI Hong’
(1. Graduate University of Chinese Academy of Sciences, Beijing 100049 , China; 2. National Network New Media Engineering Research Center,
Institute of Acoustics, Chinese Academy of Sciences, Beijing 100190, China)

Abstract: This paper presented a method that identifies the topical correlativity of one node based on the spatial features, vi-
sual features and content features of the page, quantitatively described the different degree of importance of the content, and
extracted the topical features through the hybrid weighting method. Experimental results show that Web-page classification

based on the extracted page features has better effect compared to the traditional FullDoc text classification.
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