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Prediction of China stock market based on
EMD and neural network
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Abstract Following empirical mode decomposition(EMD), chaos analysis and neural network theory, a
method is presented to model and forecast stock market. First, using EMD theory, the stock market time
serial is decomposed into many intrinsic modal functions(IMF) which can significantly represent potential
information of original time serial, and the further analysis of IMF indicates that China stock market exists
a chaos feature. Then, by using chaos theory and neural network, the forecasting models are established
to forecast the IMF respectively. By these means, the model can be improved to learn various objective
function and more precious prediction can be obtained. The experiments show that the presented method

can effectively improve the prediction accuracy.
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