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A New Method of Data Spot-checking Based
on Outliers Mining

GENG Huan-tong'*, YU Kun', HONG Liu', CAI Qing-sheng'

(1. Department of Computer Science, USTC, Hefei 230026, China )
(2. Department of Computer Science, Anhui Normal University, Wuhu 241000, China )

Abstract: A new method of data spot-checking based on outlier mining is proposed, which promi-
ses a solution to the lack of validity using traditional data spot-checking method. The experiments
show that the new algorithm can overcome not only the random data spot-checking deficiency lac-
king in validity and but also the selective data spot-checking dependence on personal experience,
thus ensuring the validity and completeness of data spot-checking.
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