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Improved non-dominated sorting genetic algorithm |[|
based on the elitist strategy

ZHANG Xiao-fei, ZHANG Huo-ming

(College of Metrology and Measurement Engineering, China Jiliang University, Hangzhou 310018, China)

Abstract: A new elitist strategy based on NSGA-][ was proposed, which could not only make excellent individuals in
population maintained until the next generation, but also maintain the population diversity and avoid the algorithm into
a local optimal solution. In addition, the crossover operator and mutation operator on NSGA-|[ algorithm were re-
selected. SBX and the non-uniform mutation operator were introduced in order to realize INSGA-][ search in a wide
range in the early stage of optimization, but could realize a focus search on key areas in the latter stage. So they could
improve the solution accuracy. The results of the classical function by INSGA-][ were compared to the ones by NSGA-
[I. which indicates that the improved algorithm based on the elitist strategy INSGA-]| has achieved good results, and

also that the distribution has been effectively improved.
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Figure 2 Improved elitist strategy
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