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GM-EA . guided mutation evolutionary algorithm
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(1. College of Computer & Information Engineer, Guangxi Teachers Education University, Nanning 530004 , China; 2. State Key Laboratory of
Software Engineering , Wuhan University, Wuhan 430072, China)

Abstract: To design a more effective evolutionary algorithm, this paper introduced a new guided mutation evolutionary algo-
rithm by combining Guotao algorithm with the idea from particle swarm optimization, which focused on exploiting the global
best solution in population to direct the mutation. In order to preserve the components of building-blocks and avoid the prema-
ture problem, separated the search process as the exploration phase and exploitation phase, and in exploitation phase simulated
annealing was applied as the replace policy. The experimental results show that the proposed algorithm is significantly superior
to Guotao algorithm.
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