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Remote sensing image retrieval based on multiple instance learning

GE Yong, WU Xiu-qing, HONG Ri-chang
(Department of Electronic Engineering and Information Science , USTC, He fei 230027, China)

Abstract; Relevance feedback (RF) based on multiple instance learning (MIL) was applied to the remote
sensing image retrieval. In order to avoid the local minimum and reduce redundant computation, the
traditional MIL algorithm-diverse density (DD) was improved. The improved DD algorithm learnt the
query concept by employing the samples labeled by users, thereby facilitating the following query. In order
to enhance the precision through sythesizing the query concepts learnt before the query concept set was
proposed to substitute the query concepts. The experimental results show that this algorithm yields better
performance than traditional approaches.
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Fig. 1 Framework of the image retrieval system
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