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Online data stream mining of recent frequent itemsets

based on sliding window model

LI Ke, REN Jia-dong
( College of Information Science & Engineering , Yanshan University, Qinhuangdao Hebei 066004, China)

Abstract; This paper proposed a one-pass data stream mining algorithm to mine the recent frequent itemsets in data streams
with a sliding window based on transactions. To reduce the cost of time and memory needed to slide the windows , denoted each
items a bit-sequence representations. Basing on dealing with the representations, can find frequent patterns in data streams effi-
ciently ,and the sequent of frequent 2-items is correct. This paper named the method MRFI-SW ( mining recent frequent itemsets
by sliding window ) algorithm.
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