%27 5% TH WHE R A AR Vol. 27 No.7
2010 57 A Application Research of Computers Jul. 2010

EHREXHENENEENELALE X

BLLA, BIEE, B
(BAERKRKF HHEMNSEZEFR, 4 350002)

W OE., ATRSEEGAEFE, RARKLELRKRAERE L LA B 35 %54 L5
JEwg it B BB kA B sk R ER A AR — AP R R F A RSBk, SR A,
Hk iR RIAERE AR, B RIFeA a1,
KR KBEAN; RRMERLE, B A WEAE
hESES. TP31I XEtFRER . A XERS.
doi:10.3969/j. issn. 1001-3695.2010.07. 029

1001-3695(2010)07-2505-04

Genetic ant colony optimization for mining maximal frequent itemsets

HUANG Hong-xing, HUANG Xi-pei, WANG Xiu-li
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Abstract; In order to improve the efficiency and accuracy of mining, adopted the algebraic definition for maximal frequent
itemsets and established the mathematical model for it. The computing of support, ant colony algorithm and genetic algorithm
were merged organically by the binary code. Thus,this paper proposed a genetic ant colony algorithm to solve this mathematical
model. Experimental results show that the proposed algorithm for mining maximal frequent itemsets is effective and scalable.
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