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Native and Non-native Speech Recognition Acoustic Modeling

ZENG Ding, LIU Jia
(Tsinghua National Laboratory for Information Science and Technology, Department of Electronic Engineering,

Tsinghua University, Beijing 100084)

Abstract In order to tolerance the pronunciation changes between native speakers and non-native speakers, this paper proposes a new modeling
method for acoustic model. By analyzing English pronunciation changes caused by Chinese, it uses non-native English pronunciation database to
gain the corresponding speech model with adaptive method, and uses acoustic model merging technology to construct a recognition model merged
two pronunciation rules. Experimental results show that recognition rate of non-native English increases by 13.4% and recognition rate on native
English decreases by 1.1%.
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