Computer Engineering and Applications HEMIRENE 2010,46(9) 193

ICA S 8UAAS LR SVM fE vt Ak A MAPE I 5E

K B AR R TR 2, RS ER L E R
ZHANG Fei"*3, TASHPOLAT" Tiyip"?,DING Jian—li"*?,ILYAS*Nurmuhammat"?, TIAN Yuan'?

LFrsa: IR SRR, BB ARST 830046

2R SN SR T E RS, B ERST 830046

3R WERERE , S EAST 830046

1.College of Resources and Environment Science, Xinjiang University, Urumqi 830046, China
2.Key Laboratory of Oasis Ecology, Xinjiang University, Urumgi 830046, China

3.Graduate School of Xinjiang University, Urumqi 830046, China

E—mail : zhangfei3s@yahoo.com.cn

ZHANG Fei, TASHPOLAT - Tiyip,DING Jian-li,et al.Study on soil salinization information extraction with SVM’s classi—
fication based on ICA and texture features.Computer Engineering and Applications,2010,46(9):193-197.

Abstract: This paper takes the Delta Oasis of Weigan and Kuqga rivers for example,using ETM+data,discusses the extraction
method of soil salinization.This paper reports the SVM’s classification method based on Independent Component Analysis(ICA)
and Texture features(ICA-T-SVM method ).Meanwhile,the paper introduces the fundamental theory of SVM algorithm and ICA,
then incorporates ICA and texture features.The classification result is compared with ICA-SVM classification,single data source
SVM classification, Maximum Likelihood Classification(MLC) and neural network classification qualitatively and quantitatively.The
research result shows that this method can effectively solve the problem of low accuracy and fracture classification result in
single data source classification.It has high spread ability toward higher array input.The overall accuracy is 93.4183% ,which
increases by 3.4123% compared with SVM based on ICA and increases by 3.4237% compared with single data source SVM
classification,and increases by 4.9796% compared with maximum likelihood classification,even increases by 7.7144% compared
with neural network classification,and thus acquires good effectiveness.The classification results are easier interpreted when
compared with the conventional classification method.Therefore,the classification method based on SVM(Support Vector Machine )
and incorporating the ICA and texture features can be adapted to RS image classification and monitoring of soil salinization,
furthermore, provides effective way for the things remote sensing information extraction.
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