34 2010,46(7)

Computer Engineering and Applications THENL TR 5 A

VRRLRS sh 5 W stV B GRS 8l O B e 20 M

FKE, TBHE
GUO Qing—chang, WANG Min-yi

rhE AN E TR A S5-E— O RT, L HLE 443000

CSIC-710 Research and Department Institute, Yichang, Hubei 443000, China

E-mail : boy_guoguol@126.com

GUO Qing—-chang, WANG Min-yi.Analysis on convergence of mean-shift and angle of continuous mean-shift vector.

Computer Engineering and Applications,2010,46(7):34-38.

Abstract: Mean shift is an effective iterative algorithm.It has been widely used in the image processing and computer vision,but

whose properties are not been perfectly proved.The convergence of the mean-shift is proved according to cauchy convergence cri—

terion for the wrong and deficiency at the literatures.The angle of the mean shift vectors based on the arbitrary kernel in the

same window is less than 90 degree.
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