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Abstract: According to the need of the image searches and recognition,one kind of the matching algorithm based on interest
points has been brought forward,firstly making use of wavelet transform to realize image dimension reduction and de-noising,
extracting its SIFT characteristic points,and finally carrying out matching using nearest neighbor method based on K-d tree.Adop—
ting the algorithm to carry out large numbers of experiments to many kinds of images,final results indicate that the algorithm is
superior, has strong matching ability and robustness,is one kind of fairly good image matching algorithm and can be wildly ap—
plied to image retrieval and recognition field.
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