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Abstract In order to improve the prediction accuracy of protein secondary structure, a cascade neural networks composed of two-level network is
presented. The first level is composed of five subnets with different structure, and the coding method of the second-level is studied and improved.
The model is employed to predict 36 nonhomologous protein sequences with 6 122 residues in PDBSelect25. Results show that the proposed model
can efficiently improve the prediction accuracy, increasing the prediction accuracy by 5.31%, 1.21% and 0.92% respectively compared with SNN,
DSC and PREDSATOR method, improving the average prediction accuracy to 69.61%.
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