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Knowledge Reduction Based on Distinguishable Relation

CHEN Xin-ying, QIU Zhan-zhi
(Software Technology Institute, Dalian Jiaotong University, Dalian 116028)

Abstract It is meaningful to approach new ways for achieving knowledge reduction in information systems with the huge volume of data. This
paper gives distinguishable relation based on rough set theory. Against the new concepts, distinguishable matrix, distinguishable reduction and
distinguishable core are presented. The main objective of this paper is to find and prove the relationship between the classical types of knowledge
reduction, such as partition reduction and distinguishable reduction. The result shows, that distinguishable reduction is equivalent to partition
reduction under all conditions, is easy to conclude. The relationships among other conceptions proposed are discussed. The judgment theorems and
equivalent definitions with respect to these new concepts are obtained. New concepts and ways are introduced to figure out knowledge reduction in
information systems, and the knowledge reductions based distinguishable relation is meaningful both in the theory and in applications.
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