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Empirical Study on Effect of Knowledge Spillovers Based on Spatial Durbin Model

Liu Manfeng', Tang Houxing”
(1. Office of Scientific Research of Jiangxi University of Finance & Economics, Nanchang, 330013, China;

2. Information School of Jiangxi University of Finance &. Economics, Nanchang, 330013, China)

Abstract: In this paper., knowledge is dived into two parts: measured knowledge and unmeasured knowledge because the
patents can't present all innovations. A spatial Durbin model is constructed based on C-D production function. The spillo-
ver impacts are partied to illustrate the nature of their influence as we move from low-order to higher-order contiguity ma-
trix. Based on the panel data from provinces, the knowledge spillovers empirical study was implemented, and the results
show: Firstly, the effect of knowledge spillovers does exist and has a significant positive correlation with regional economic
development. The knowledge goes beyond the geographical boundaries of administrative areas and spill into neighboring
regions. Secondly, the effect of knowledge spillovers is most remarkable based on 3-order contiguity matrix. Thirdly, the
effect of knowledge spillovers does not strictly descend with the increasing of order of contiguity matrix, but increase first-
ly and descend later, which shows that there is an optimal distance for knowledge spillovers.

Key Words: Regional Knowledge Spillovers; Knowledge Spillover Effect Measurement ; Spatial Durbin Model, Empirical
Study



