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Visual Tracking System Based on Incremental Subspace Learning

ZHOU Zhong-yi, ZHU Yuan-yi
(School of Computer Science and Technology, Fudan University, Shanghai 200433)

Abstract In order to enhance the performance of visual tracking methods with object appearance variation, this paper proposes an visual tracking
system based on incremental subspace learning. By using particle filter method based on Incremental Principal Component Analysis(IPCA), this
system incrementally learns a low dimensional eigenspace representation of the tracking results to reflect appearance variation of the target object.
Experiments demonstrate that the system has better performance when the target objects undergo large pose and illumination changes in some
complex environments.
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