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Research and Analysis on Math Model of Floating Population in City

Research on City Attraction
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2. Faculty of Applied Technology Engineering, Kunming University of Science and Technology, Kunming 650093, China)

Abstract; With its basis on city attraction — ¢ and adoption of surface tension in physics, a math model about
the floating population in city is established in this paper. This model takes the coacervation and escape of the
molecule as the inflow and outflow of the population, the electric field intensity as the policy, and the electric
conductivity in electrolytic solution as the enforcement of the policy. The model is analyzed from the angle of
population fluctuation to render the value of ¢.
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Tab.1 The Bayesian estimates and the standard errors in the simulation study

Para EST Bias SD Para EST Bias SD
u, 0. 368 0. 008 0.0099 Ay 0.576 -0.024 0.008 8
u, 0.334 -0.026 0. 009 7 Ay, 0. 636 0. 036 0.009 1
u, 0. 346 -0.014 0.0106 Ag 0.615 0.015 0.009 6
u, 0.383 0.023 0.0153 Ay 0. 568 -0.032 0.007 0
us 0.355 -0.0005 0.0106 D, 0.915 -0.085 0.054 8
ug 0.372 0.012 0.0099 D, 0. 555 0. 055 0.0599
u, 0. 347 -0.0013 0.0112 o, -0.722 0.022 0.0179
Ao
SE
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