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Abstract: Image annotation,a technique for connecting image semantics and visual features,can be used to present image se—
mantics well.A method for image annotation using relevance feedback log and semantic network is presented.Firstly,the image se—
mantics are acquired by users’ relevance feedback log;then semantic clustering is carried out based on semantic similarity;lastly
automatic image annotation is realized through semantic propagation.The experimental results indicate that increasing images will
be annotated as increasing relevance feedback log and the annotation accuracy will be stable with the increment of relevance
feedback.
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Set U to the whole image set

Set & to the affinity threshold
WHILE U#0

m=arg max R(x,U)
xell

C=N(m,U)U{m)}
REPEAT
c'=C
C={xlA (x,C" ) =g ,x e U}
WHILE C#C’
Save C as a class
U—U-C
END

FOR each image x in class C
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C={x)
REPEAT
C,=C,
FOR each image y in class C
IF ye C, THEN
C=C.ly)
ELSE
C=C,Up)
END IF
IF D(C,)>D(C,) THEN
C=C,
END IF
END FOR
WHILE C,#C,
Save C, as a cluster
END FOR
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