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Rough set model based on variable parameter classification in

incomplete information systems
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1.School of Computer Science and Technology Nanjing University of Science and Technology Nanjing 210094 China 2. College of
Information Science and Technology Drexel University Philadelphia PA 19104 USA

Abstract  In incomplete information systems the tolerance relation is too loose while the similarity relation is too
strict. According to these explanations a new kind of rough set model that is based on the variable parameter
classification of objects is proposed. The variable parameter classification is a kind of generalized classification form
and it is more flexible than tolerance and similarity relations in practical applications. Furthermore it can be regarded
as an improvement of the limited tolerance relation. From what have been discussed above the new-defined
generalized rough set model is compared with expanded rough sets those are on the basis of tolerance and similarity
relations. Finally the immediate method of certain and possible rules’ induction is studied by the new expanded rough
set model an illustrative example is used to show its validity.
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