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W angW eijun
(Xiangtan Polytechnic U niversity, Xiangtan Hunan 411201)
Abstract Based on a lot of investigation data, an artifical neural network model is es
tabli-shed for distinguishing mining way of gently inclined low coal sean. The factor
and experience of mining export that affect the selection of mining way are comprehen-
sively considered in the model T he different mining way of gently inclined low coal
seam can be exactly distinguished at different mining condition
Keywords artifical neural nework; gently inclined low coal sean; miningw ay
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Jg= HM
H (m)
D=1,234
B=1234
2.2
A1)
@)
As)
A4)
(As)
Ao
A7)
(A )
A= (A1 Az As, As As, As, A7, Ag)= (1,0,0,0,0,0,0,0)
A= 1, )
2.3
8 4 5
4 28 43
3
100
: 36 (
1
M B w Dc Jg
1 13 28 1 1 Q 09 Q 003 Q 00 A2
2 142 24 2 2 Q 10 Q 002 Q 00 A1
3 133 24 3 2 a o7 Q 005 Qo1 A2
4 154 19 2 2 Q 123 Q03 Q 00 A1
5 115 20 3 4 Q 121 Q 08 Q14 As
6 0095 20 3 2 Q 081 Q 09 Q 00 As
7 086 23 4 2 Q 062 Q12 Q 10 As
8 080 28 3 3 a 073 Q 09 Q08 As
9 103 26 3 2 Q 075 Q 09 Q 00 As
10 Q75 24 1 3 Q 082 Q 03 Q 04 A3
11 068 21 1 3 a 078 Q 05 Q 00 A3
12 066 14 1 2 Q 045 Q14 Q 00 A3
13 065 20 1 3 Q 038 Qo4 Q 00 A3
14 Q65 23 2 1 Q 035 Q 00 Q 00 As
15 058 26 2 1 Q 042 Q 02 Q 00 Az




60 1998 11
M D B w Dc Jg

16 Q 60 23 3 1 Q 043 Q 007 Q 00 Aa
17 Qa 55 29 2 1 Q 02 Q 08 Q 00 As
18 Q 67 20 1 4 Q 03 Q 06 Q 08 As
19 Q75 23 1 3 Q 02 Q o7 Q 08 As
20 a8 19 1 4 Q 046 Q 065 Q 10 As
21 Q0 64 18 1 3 Q 073 Q 038 Q 00 As
22 Q8 24 1 4 Q 10 Q 067 Q 10 As
23 Q 65 12 2 2 Q 05 Q 003 Q 00 A7
24 Q 63 10 2 2 Q 03 Q 006 Q 00 A7
25 Q 68 Q8 2 1 Q 02 Q 008 Q 00 A7
26 Q 64 a5 2 1 Q 04 Q 000 Q 00 A7
27 Qa 70 12 2 2 Q 035 Q 005 Q 00 A7
28 10 32 3 4 Q14 Q 10 Q12 Asg
29 Q8 29 4 2 Q25 Q18 Q 20 As
30 12 29 4 2 Q31 Q 20 Q19 As
31 Q 95 24 3 3 Q 46 Q23 Q 09 Asg
32 Qa 92 31 3 3 Q 24 Q14 Q13 As
33 125 20 1 1 Q 05 Q 004 Q 08 A2
34 118 24 2 1 Q 06 Q 002 Q 00 A2
35 135 20 1 1 Q 08 Q 005 Q 00 A1
36 143 19 1 2 Q 07 Q 006 Q 00 A1

36 , , 8 ) 2

2
A1 A2 A3 Aa As As A7 As

2 Q0 99808 Q 0217 Q 0000 Q 0000 Q 0000 Q 0000 Q 0000 Q 0000
7 Q0 00176 Q 00165 Q 02467 Q 03058 0 02635 Q 99893  Q 0000 Q 0000
11 Q 0000 Q0 0013 Q99836 Q03406 Q 01769  Q 0087 Q 0010 Q 0002
15 Q 0000 Q 0014 Q03046 Q98765 Q 01358  Q 0000 Q 0000 Q 0001
18 Q 0000 Q 0061 Q 0245 Q 0313 Q98693 O 0001 Q 0003 Q 0004
23 Q 0000 00286 Q02185 Q0247 Q03026 Q0234 Q99386 QO 0003
30 Q 0000 Q 0000 Q 0001 Q 0000 Q 0000 Q 0000 Q 0000 O 98764
33 Q 0236 Q97665 O 0308 Q 0206 Q 0432 Q 0503 Q 0067 Q 0058
2 , 100%, , ( 116 )
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1) (generalization)
(pruning), ,
2)

,1996,6(2): 69 75
CichockiA. and U nbehauen R. Neural N etworks for Optimization and Signal Processing JohnW iley
& Sons, Chichester, 1993
HasounM. Foundationsof A rtificial N eural N etworks M IT Press, Canbridge, 1995
CottrellM , GirardB, Girard Y, M angeasM andM uller C. N euralM odeling for Time Series A Sta-
tistical Stepw iseM ethod for W eight Elimination IEEE Trans Neural Networks 1995, 6(6): 1355
1363
Kanijo K and Tanigava T. Stock Price Pattern Recognition A Recurrent N eural N etwork A pproach
IEEE Int Conf NeuralNeworks 1990, (1): 215 221

60 )
, 1. 27m, , f=138,
- 06, ,
3
A1 A2 Az Aa As Ae A7 As

Q 0281 Q 9979 Q 0307 Q 0288 Q 0316 Q 0451 Q 0341 Q 0000

) Az )

,1993,3:64 70
, . . , 1996, 3: 231 234
, 1990, 4: 28 31



