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Abnormality Judgment of X-ray Chest File Based on SVM-2DPCA

WANG Yan-ming*, QIAN Jian-zhong? PAN Chen*

(1. School of Mathematics and Computer Science, Ningxia University, Yinchuan 750021;
2. Radioactive Bureau, The Second People’s Hospital of Ningxia, Yinchuan 750001)

Abstract Based on Support Vector Machine(SVM), the system for the abnormality judgment of X-ray chest file is presented, which can classify
the X-ray picture normal and abnormal automatically. In order to improve the efficiency of the SVM, the wavelet transform is adopted in the system
to eliminate the redundancy information in image. Two-Dimensional Principal Component Analysis(2DPCA) is used for feature extraction.
Experimental results show that the SVM-based method is feasible in X-ray abnormality judgment, and has good classification ability.
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