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Generalization rough set theory and real-valued attributes reduction
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Abstract: Considering that the classical rough set theory can only process the discrete data, the degree of general
importance of an attribute and attribute subsets was presented. And then a generalization rough set theory was proposed based
on the general near neighborhood relation. The theory partitioned the universe into the tolerant modules and formed lower
approximation and upper approximation of the set under general near neighborhood relationship which avoided the discretization

in Pawlak’s rough set. Furthermore, the definition of attribute reduction in generalization rough set and its greedy algorithm

were proposed. Finally, results of some examples show the correctness and validity of this method.
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