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Neural Network Ensemble Method
Based on Artificial Immune Network

ZHANG Quan-ping, WU Geng-feng
(College of Computer Engineering and Science, Shanghai University, Shanghai 200072)

Abstract A method of Artificial Immune Network based neural network ENsemble(AINEN) is proposed. After initialing a network ensemble
with Bagging, the artificial immune network is applied to the neural network ensemble which looks like an independent neural network in the
microscopic view and an artificial immune network in the macroscopic view. Then the heterogeneity at microscopic level, and the fitness at

macroscopic level is increased. As a result, the generalization error is decreased. The comparison of the results of AINEN and GASEN shows that
the AINEN is more efficient than the GASEN.
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