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Dynamic Combinatorial Method of Multiple Classifiers
on Ensemble Learning

CHEN Bing, ZHANG Hua-xiang

(College of Information Science and Engineering, Shandong Normal University, Jinan 250014)

Abstract In order to improve the classification performance of dataset, a dynamic combinatorial method of multiple classifiers on ensemble
learning DEA is proposed in the paper. DEA is tested on the UCI benchmark data sets, and is compared with several member classifiers trained based
on the algorithm of Adaboost. In this way, the utility of DEA can be proved.
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( ) DEA  Adaboost(J48)  Adaboost(NB) _ Adaboost(IBk)
audiology 79.798 1 845133 79.2035 78.318 6
automobile  60.988 6 83.414 6 60.000 0 74.146 3
DEA k- breastcancer-w  99.714 3 96.137 3 95.851 2 95.994 3
credit-g 95.050 0 75.400 0 75.400 0 72.400 0
glass 77.9219 73.364 5 46.729 0 67.289 7
3.3 (MIE) hayes-roth  53.787 9 74.242 4 75.757 6 61.363 6
heart-statioy ~ 97.886 0 80.000 0 81.4815 75.555 6
( ) hepatitis 91.599 2 83.870 0 78.709 7 81.9355
(MIE)® machine 957094  87.0813 79.904 3 87.559 8
labor 92.142 9 91.2281 89.473 7 85.964 9
N(50) letterl 89.520 0 91.360 0 63.220 0 89.980 0
n(10) sonar 86.538 5 831731 85.096 2 86.057 7
vehicle 71.750 1 78.4870 45.9811 69.267 1
artificial 78.185 7 60.246 6 30.1820 56.821 3
3.4 (DEA) cleanl 65.336 1 92.016 8 831933 85.504 2
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