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TM Image Classification Based on Support Vector Machine

HUI Wen-hua

(School o f Geological Engineering and Surveying Engineering , Chang’an University » Xi’an 710054, Shaanzxi, China)

Abstract; In order to improve the accuracy of remote sensing image classification and compensate the weakness of
maximum likelihood classifier, this paper puts forward a new classification method, which is based on Support
Vector Machine (SVM). This method combines the spectrum features with texture ones. According to the meth-
od classification test is done with ETM data, and the accuracy is compared with the one of maximum likelihood
classifier. The results indicate that the accuracy obtained from the new method is better than the other’s, and
combining spectrum feature and texture one is better than the one of only using one kind of feature.
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Tab.3 Classification Confusion Matrix

Using Spectrum and Texture Features

(D 1,
(2)
s
(€))
) 3,
€] ,
1
Tab. 1 Classification Confusion Matrix
Using of Maximum Likelihood Classfier
123 14 12 6 155
20 112 12 8 152
7 19 106 26 158
8 7 13 107 135
158 152 143 147 600
2 SVM
Tab. 2 Classification Confusion Matrix
Using Only Spectrum Feature
137 14 5 4 160
16 135 10 7 168
3 3 113 17 136
2 0 15 119 136
158 152 143 147 600
ETM

147 6 3 1 157

7 140 7 2 156

4 5 125 6 140

0 1 8 138 147

158 152 143 147 600
4

Tab.4 Comparison

of Classification Accuracy

[1]
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[3]

[4]

(6]

(7]

/% Kappa
74.67 0.662 2
SVM 84. 00 0.7865
+ SVM 91. 67 0.8888
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