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Research on False Matches Filtering Methods of Stereo Vision

GAO Hong-wei', LI Bin?, LIANG Ying*, CHEN Liang', ZHAO Ya-wei'
(1. School of Information Science & Engineering, Shenyang Ligong University, Shenyang 110168;
2. Shenyang Institute of Automation, Chinese Academy of Sciences, Shenyang 110016)

Abstract This paper discusses some filtering algorithms for false matches on the basis of 2D space and 3D space, and puts forward a grey
pre-processing algorithm applying beforehand to lower the false matching rate and a disparity filtering algorithm based on ground truth control
points. The former balances the overlap area between two images to reduce the calculation quantity, and the latter based on disparity mean value
filtering can improve the filtering efficiency. Experimental results of real images prove that the false matches can be eliminated effectively with the
new algorithms, ensuring the effect and accuracy of 3D reconstruction.
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