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Realization and Application of Incrementally Clustering
of Multi-data Streams

ZHANG Xi-gin
(College of Business Administration, Zhejiang University of Technology, Hangzhou 310032)

Abstract There is only a little research on incrementally cluster temporal data streams. This paper focuses on the problem of clustering temporal
data streams based on the sliding window. Temporal Multiple-dimension Subspace a-Cluster(TMSC) is adopted. It consists of data streams, whose
distance is less than 2a, and must contain a number of streams which are predefined. The result of the clustering is updated through time evolving.
Sliding window mechanism is adopted to realize it. The earliest data is removed, and the new coming data is added. Stock data is used to test the
algorithm, and the result is quite well.
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data stream S, a
simple a-cluster: list
Fori=1to N
Forj=i+1to N
D=DISTANCE(S;, S))

if D<a then
add S; to the current cluster
End if
End for
If not exists in the list
Add to the list
End if
End for
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Input S: set of streams,

o

minRows:

minCols:

Ww:
Output A a-cluster
for i=1toW

a-cluster

end for
for i=1 to N-minRows+1
set m=2;

m-level a-cluster;

while there exist m-level do

m+1-level a-cluster;
m=m+1;

if m>=minRows and C is

a-cluster then

A;
end if
end while
end for
report A
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