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Multi-class Object Recognition Method
Based on Affinity Propagation Clustering

DAI Song, L1 Wei-sheng
(Institute of Computer Science and Technology, Chongging University of Posts and Telecommunications, Chongging 400065)

Abstract The multi-class object recognition method usually suffers from the problem of curse dimensionality after extracting feature. This paper
proposes a new approach for learning a discriminative model of object classes combined affinity propagation clustering. By using Affinity
Propagation(AP) , a representative visual vocabulary can be obtained. Experiment in Sowerby databases shows that it is superior to the recognition
rate of k-means algorithms .
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