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Fast Latent Semantic Indexing on Large-scale Dataset
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[Abstract] Latent Semantic Indexing(LSI) has been successfully applied to various fields in modern information retrieval. However, the high
computational complexity of Singular Value Decomposition(SVD) makes it improbable on the application of large-scale dataset. This paper proposes
a fast LS| approach to solve this problem. It gives a unified framework of dimension reduction problem. As a feature extraction method, LSI can be

transformed into a feature selection method within this framework. This new strategy can simplify significantly the computation of LSI.
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