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Community Detection Method
with Multi-edge Simultaneous Removal

XIONG Zhong-min*?, HUANG Dong-mei?
(1. Department of Computing and Information Technology, Fudan University, Shanghai 200433;
2. School of Information, Shanghai Ocean University, Shanghai 201306)

[Abstract] To address the slow speed of GN algorithm, a new algorithm based on betweenness scores of edges is presented for detecting the
underlying community structure in networks. Employing component independency, this algorithm presents a new method through which all edges
with the highest betweenness score in respect of each component is simultaneously removed when all betweenness scores are computed. It is proved

that this algorithm is fast and effective through theoretical analysis and experiments with several real data sets which are acted as test beds.
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