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Abstract Location is foundation work in Wireless Sensor Network(WSN). Existing location algorithms need the position information of beacon
nodes to locate the non-beacon nodes. When the position information is affected by the attacker or errors, the accuracy of these algorithms will
degrade. This paper combines the LS localization algorithm and Metropolis-Hasting sample algorithm, and proposes an improved LS localization
algorithm. It constructs a simulation circumstance which might be attacked and compares the improved algorithm with original algorithm.
Experimental results demonstrate that the improved algorithm has better robustness than original algorithm.
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