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Hidden Web Domain Clustering
Based on Independent Component Analysis

WANG Xiao-bin, WEN Chun, SHI Zhao-xiang
(602 Teach Stuff, Department of Network Engineering, Electronic Engineering Institute, Hefei 230037)

[Abstract] Aiming at organizing hidden Web databases according to their topic domains, this paper proposes an Independent Component
Analysis(ICA) based algorithm for hidden Web domain clustering. Text is extracted from search interface pages as common Web pages, and TF-IDF
formula is applied to weight terms. After selecting the top N-highest weight terms to construct VSM, the algorithm performs a singular value
decomposition to implement features reconstruction. It applies ICA decomposition to obtain the cluster information. The main idea is utilizing the
co-occurrence analysis and noise eliminating ability of Latent Semantic Index(LSI) to improve cluster performance. Experiment shows that the

average precision is higher than 90 percent.
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